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# PTRERERR

loss, _ = session.run([tf_loss,tf_loss_minimize],feed dict={
tf_inputs: train_inputs[step*batch_size: (step+l)*batch_size,:],
tf_labels: labels_one_hot})

train_loss.append(loss)

# R R E R NIRRT EIE

test_accuracy = []

# WGBSR

for step in range(test_inputs.shape[@]//batch_size):
test_predictions = session.run(tf_predictions,feed_dict={tf_inputs:

test_inputs[step*batch_size: (step+l)*batch_size,:]})
batch_test_accuracy = accuracy(test_predictions,test_labels[step*batch_size:
(step+l)*batch_size])

test_accuracy.append(batch_test_accuracy)

print('Average train loss for the %d epoch: %.3f\n'%
(epoch+1,np.mean(train_loss)))

print('\tAverage test accuracy for the %d epoch: %.2f\n'%
(epoch+1,np.mean(test_accuracy)*100.0))
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